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Study on Interspecific Classification Method of Mangrove Planted Artificially Based
on High—Resolution Remote Sensing in China: A Case Study of Mangrove in

Maoweihai, Guangxi

MA Yun-mei'?, WU Pei—qgiang* , REN Guang-bo?, FU Yu®, MA Yi'?, BAO Yu-hai'
1. College of Geographical Science, Inner Mongolia Normal University, Hohhot 010010, Inner Mongolia A utonomous Region, China;
2. First Institute of Oceanography, Ministry of Natural Resources, Qingdao 266061, Shandong Province, China;
3. National Forestry and Grassland Bureauw East China Research and Design Institute, Hangzhou 310016, Zhejiang Province, China

Abstract; The structure of mangrove forests is of great importance for the health and development of mangrove
ecosystems, and the classification of mangroves has long been a difficult part of mangrove monitoring based on
remote sensing. In view of solving the above problems, this paper takes artificial planting mangrove in Maoweihai
of Guangxi Autonomous Region as an example to conduct remote sensing inter—species classification. Based on
the idea of object oriented classification, a mangrove interspecies classification method is proposed based on the
combination of field samples and segmentation objects. Based on the high-resolution satellite remote sensing data
from GF-2 PMSI, the fine classification and spatial distribution of typical vegetation in mangrove wetlands of
Maoweihai in Guangxi were studied, and the classification results were compared with the classification methods
pixel —basedand traditional object—based SVM. The results show that the object-based classification method is
more suitable for the classification of typical vegetation in the mangrove wetland of Maoweihai. It is better to use
the pixel-based SVM classification method for local mixed areas. Using the whole image object as an training
sample in the traditional object —based classification method may lead to a negative impact to some extent.
Therefore, the new method of sample selection proposed in this paper has the highest accuracy in object—based
classification, with an overall accuracy of 93.13% and a Kappa of 0.89.

Key words : mangrove; pixel-based; object—based; Maoweihai; interspecific classification
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